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Key Points

•NHL subclassification
is lacking in Malawi due
to resource constraints
yet is critical for direct-
ing therapy.

• Targeted gene expres-
sion profiling facilitates
objective assessment
and segregation of bi-
ologically defined sub-
sets of NHL from
Malawi.

Diagnostics and supportive care for patients with non-Hodgkin lymphoma (NHL) in lower-

and middle-income countries (LMICs) are lacking. We hypothesized that high-throughput

transcription-based diagnostics could classify NHL specimens from Malawi amenable to

targeted therapeutics. We established tissue microarrays and classified 328 cases diagnosed

by hematoxylin and eosin as NHL at University of Malawi College of Medicine using

immunohistochemistry (IHC) for conventionalmarkers and therapeutic targets. A subsetwas

analyzed using NanoString-based expression profiling with parsimonious transcriptional

classifiers. Overall, 72% of lymphomas were high-grade B-cell tumors, subsets of whichwere

enriched for expression of MYC, BCL2, and/or PD-L1. A 21-gene transcriptional classifier,

previously validated in Western cohorts, divided 96% of diffuse large B-cell lymphomas

(DLBCLs) with 100% of B-cell lymphomas, unclassifiable, into 1 cluster and 88% of Burkitt

lymphomas into a separate cluster. Cell-of-origin categorization of 36 DLBCLs by

NanoString lymphoma subtyping test (LST) revealed 69% concordance with IHC. All

discordant caseswere classified as germinal center B cell–like (GCB) by LST but non-GCB by

IHC. In summary, utilization of advanced diagnostics facilitates objective assessment and

segregation of biologically defined subsets of NHL from an LMIC without expert review,

thereby establishing a basis for the implementation of effective and less toxic targeted

agents.

Introduction

In high-income countries (HICs), diagnosis and classification of non-Hodgkin lymphoma (NHL) incorporates
detailed phenotypic and genetic data with morphologic evaluation. This precise classification guides both
prognosis and the selection of therapy. In contrast, detailed subtyping in sub-Saharan Africa (SSA), where
NHL is the sixth-most commonmalignancy,1,2 is largely lacking.3 Immunohistochemistry, fluorescence in situ
hybridization (FISH), and molecular assay capabilities are almost completely absent from SSA.4 Additionally,
most SSA countries employ,1 pathologist per 500 000 people, which is approximately one-tenth the rate
in HICs.5 This lack of comprehensive NHL subtyping derives partially from the fact that NHL-related
therapeutic interventions are scarce in many SSA countries and treatment with high-dose chemotherapy is
impractical due to significant limitations in supportive care; thus, the clinical pressure to fully classify NHLs is
greatly diminished compared with HICs.6,7
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The nation of Malawi in southeast Africa has a population of
;16 million and is one of 31 countries worldwide classified as a
low-income economy by the World Bank. A recent registry survey
of 18 946 new cancer diagnoses among Malawians from 2007 to
2010 revealed that NHL accounted for 5.7% of all new cancer
diagnoses and was the most common malignancy among children
under age 15 years (56.4% of all pediatric cancer).6 Notably, only
17.9% of all of the registry’s cases were confirmed by pathology
data.6

The Department of Histopathology at the University of Malawi
College of Medicine (UOMCOM) in Blantyre, Malawi processes
;3000 specimens per year, and pathologic diagnoses are based
solely on interpretation of hematoxylin and eosin (H&E)–stained
sections.8,9 Most cases diagnosed as lymphoma at UOMCOM
are categorized as Burkitt lymphoma (BL) or non-BL NHL. The
majority of treated persons in SSA with non-BL NHL receive
CHOP (cyclophosphamide, doxorubicin, vincristine, and predni-
sone) chemotherapy.10 High-intensity regimens for BL provided in
HICs cannot be given in Malawi because of both the high cost and
unacceptable treatment-associated mortality.11 Targeted thera-
pies for NHL that are standard of care in HICs, most notably the
anti-CD20 antibody rituximab, have historically been unavailable
in countries like Malawi.12 In contrast, several targeted agents
with potent activity against specific subsets of NHL and reduced
toxicity compared with CHOP are either in clinical trials or recently
approved in HICs. We hypothesized that next-generation ap-
proaches based on parsimonious transcriptional signatures could
facilitate comprehensive characterization of NHL specimens from
SSA. This improvement in pathologic classification would not only
ensure appropriate application of currently available therapies but
also identify patients suitable for treatment with less toxic, targeted
therapies.

Building upon a well-established relationship between UOMCOM
and Brigham andWomen’s Hospital (BWH), we evaluated all cases
diagnosed as NHL at UOMCOM from 2004 to 2014 in order to
establish diagnoses based on standard-of-care immunohistochemistry
(IHC). We then tested whether a simple, high-throughput transcrip-
tional assay could provide an alternative method for discriminating
NHL subtype and thereby identify subsets suitable for targeted
therapeutics.

Materials and methods

Case selection

With permission of the BWH Institutional Review Board and
UOMCOM Research and Ethics Committee, archives of the
UOMCOM Department of Histopathology were searched for
cases of NHL diagnosed between 2004 and 2014. A total of 582
cases were identified; of these, 499 had formalin-fixed paraffin-
embedded (FFPE) tissue blocks with adequate lesional tissue.
Clinical parameters based on pathology requisition forms, including
age, gender, HIV status, biopsy site, and presentation, were collected
if available. In addition, classical Hodgkin lymphoma (CHL) and tonsil
with reactive follicular hyperplasia were retrieved as controls.

TMA construction

Tissue microarray (TMA) recipient blocks were prepared at BWH
and shipped to Malawi. All available H&E slides were reviewed on
site, and multiple foci of lesional tissue per case were demarcated.

Five TMAs were constructed at UOMCOM with a maximum of 124
cases and 4 controls per block. In .90% of cases, 3 cores per
tumor (1.0 mm in diameter) were transferred. The remaining cases
were represented by 1 or 2 cores.

Histology and IHC

At BWH, sections of each TMA were cut at 4 mm and stained for
H&E, and the antibodies are listed in supplemental Table 1. In situ
hybridization for Epstein-Barr virus encoded RNA (EBER ISH) was
performed using the Ventana system (Ventana, Tucson, AZ).

Case evaluation

Full H&E slides, H&Es of TMAs, and all IHC were reviewed, and all
tumors were diagnosed and classified according to standard
2008World Health Organization criteria.13 Cases were not included if
insufficient lesional or viable tissue was present or if extent of reactivity
was insufficient to reach a diagnosis. “High” expression was defined
for BCL2 as $70% of tumor cells and MYC as $40% of tumor
nuclei.14,15

Targeted expression profiling

Three 1.0-mm cores of lesional tissue were punched from FFPE for
RNA extraction. Total RNA was isolated using the AllPrep DNA/
RNA FFPE kit (catalog number 80234; QIAGEN, Hilden, Germany),
quantified using a NanoDrop spectrophotometer (NanoDrop Prod-
ucts; Thermo Scientific, Wilmington, DE) and stored at 280°C until
use. RNA yield ranged from 0 to 20 mg (median, 0.85 mg). For
each sample, RNA degradation was evaluated by determining
RNA fragment length; the percentage of fragments between 50 and
300 bp in length ranged from 0% to 95% in all samples (median,
75%). Input quantity was calculated as 100 ng 3 (100/% of
sample . 300 bp). For the multiplexed digital gene expression
analysis, 100 to 500 ng RNA for each sample was hybridized with
20 mL reporter probes and reaction buffer and 5 mL capture
probes at 65°C for 20 hours. The hybridized samples were
processed on the NanoString nCounter Prep Station for 2.5 hours,
and expression data were subsequently generated on the NanoString
nCounter Digital Analyzer (NanoString Technologies, Seattle, WA)
using the 600 fields of view setting over 4 hours.16We extracted RNA
from 150 aggressive B-cell lymphomas (diffuse large B-cell lymphoma
[DLBCL]; BL; and B-cell lymphoma, unclassifiable, with features
intermediate between DLBCL and BL [BCL-U]); of these, 70
failed analytical quality control (47%). A total of 21 genes based
on a previously published diagnostic classifier17 were selected to
profile on the NanoString nCounter platform. Housekeeping genes
and cell-of-origin (COO) analysis genes are as described previously.18

Analysis of raw nCounter output data with the lymphoma subtyping
test (LST) algorithm for COO subtyping was performed at NanoString
Technologies.

Normalization, unsupervised clustering, and

statistical analysis

The data were normalized using the nSolver software (NanoString
Technologies) by subtracting the geometric mean of 8 negative
control probes. In addition, the geometric mean of 8 “positive spike”
RNAs was used to account for variances in lane efficiencies, and
the geometric mean expression of 5 housekeeping genes (ISY1,
R3HDM1, TRIM56, UBXN4, WDR55)18 was used to account for
sample content variations. The normalized dataset was transformed
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Figure 1. Classification by morphology and immunophenotype. Repre-

sentative examples of H&E staining at UOMCOM and BWH, as well as

immunostaining at BWH, for cases of DLBCL, BL, and BCL-U. Original

magnification 340 for all panels (original magnification 3100 for insets).
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into log2 space to achieve an approximate normal distribution of
gene expression values. Unsupervised clustering was performed
with the hclust function of the R statistical framework using Ward’s
minimum variance method. Optimal leaf ordering as implemented in
the cba package on http://cran.r-project.org was used to get the
final ordering of both samples and genes. Probability values and
95% confidence intervals (CIs) were calculated with the binom.test
function. The data in the heatmap were transformed using row
scaling to reflect relative differences within genes. Classification of
samples was compared with the clustering results by proportions
with exact binomial 95% CIs and contingency tables. Fisher’s exact
test was used to test for independence of the rows and columns. All
statistical tests were 2 sided, P values , .05 were considered
statistically significant, and no adjustments for multiple comparisons
were made.

Results

Tumor classification

We identified 499 pediatric and adult tumors diagnosed as NHL
and/or suspicious for NHL at UOMCOM from 2004 to 2014. The
median patient age was 31 years (range, 1-87 years; 25%,16 years).
The cohort included 274 males and 191 females (data were
unavailable for 19 patients). HIV status was available for 43 patients
(9%); of those, 31 were HIV positive. Specimens included lymph node
(n5 219), extranodal tissue (n5 261), bone marrow (n5 2), and not
specified (n5 17). We generated TMAs at UOMCOM and performed
additional classification refinement using these TMAs at BWH based
on review of the original H&E slide and H&E staining of a TMA section,
as well as incorporation of the reactivity pattern of 30 antibodies (n 5
9750 assessments; Table 1 and supplemental Table 2). Representa-
tive examples are shown in Figure 1.

Of the 499 cases, 328 had adequate material in the TMA and the
remaining 171 cases (34%) could not be further classified, largely
due to poor tissue antigenicity. Diagnoses from UOMCOM based
solely on H&E, and from BWH based on H&E and extensive IHC,
are outlined in Table 1. Of the 328 cases with adequate material in the
TMA, 326 cases were originally diagnosed as NHL or suspicious for
NHL at UOMCOM based on H&E alone; the 2 remaining cases
were originally diagnosed as lymphoblastic lymphoma or plasma
cell neoplasm. Of those 326 cases, 280 (86%) were confirmed as
NHL at BWH by immunophenotypic analysis (Table 1), a concordance
rate similar to prior reports.4 The remaining 14% were neuroendocrine
tumor (n 5 20), T-lymphoblastic lymphoma (8), carcinoma, not
otherwise specified (8), CHL (4), myeloid sarcoma (2), plasmacytoma
(2), nasopharyngeal carcinoma (1), and reactive (1). As previously
reported, there was a striking paucity of mature T-cell neoplasms
(1 peripheral T-cell lymphoma not otherwise specified, 2 ALK-
positive anaplastic large cell lymphoma)4 and very few low-grade
lymphomas (Table 1).

Characterization of aggressive lymphoma subsets

DLBCL accounted for 133 (40%) of the classifiable cases. COO
analysis by the Hans algorithm (which used CD10, BCL6, and
MUM1 IHC) demonstrated that 50 (38%) were GCB, 79 (59%)
were non-GCB, and 3% could not be characterized (Table 2).19,20

We also assessed DLBCLs to identify cases with overexpression of
both MYC protein and the antiapoptotic protein BCL2 (“double
expressors”). Among the 97 DLBCL cases with interpretable IHC,
high MYC protein expression was detected in 39 (40%). Consistent

with prior reports in Western cohorts,21 concurrent high expression
of both BCL2 and MYC was enriched among non-GCB DLBCLs
(31% vs 8% among GCB; P 5 .01 by 2-tailed Fisher’s exact test).
The immunomodulatory molecule programmed cell death ligand 1
(PD-L1) was expressed on all or a subset of tumor cells in 5 (45%)
of 11 EBER ISH–positive DLBCLs but only 14 (11%) of 122 EBER
ISH–negative DLBCLs (P 5 .0094), which is similar to reports in
Western cohorts.22

Phenotypically confirmed BL accounted for 73 of the 328 classifi-
able cases (22%). This encompassed 43 cases originally diagnosed
as BL; the remainder were originally diagnosed as NHL or suspicious
for NHL. The median age was 12 years (range, 3-74 years; 62%, 16
years). EBER ISH was positive in 63 of 73 cases (86%), including
98% of cases of BL among patients aged , 16 yr. The median age
was younger in EBER ISH–positive cases (9 years; range, 3-39 years)
than in EBER ISH–negative cases (34 years; range, 15-74 years). Of
all BLs, 70% were from extranodal sites. Among BL with interpretable
MYC IHC, 93.5% (43 of 46 cases) showed high MYC protein
expression in tumor nuclei. No cases of BL showed PD-L1 expression
in the tumor cells, consistent with prior reports.22

Application of next-generation diagnostics to

FFPE samples

We assessed the feasibility of COO classification using RNA extracted
from DLBCLs with the NanoString LST algorithm (also known as
Lymph2Cx).18 RNAwas extracted from 81 randomly selected DLBCLs,
of which 48 passed analytical quality control (supplemental Table 3). Of
these 48 cases, 11 (22.9%) were unclassifiable by the LST algorithm,
including 2 GCB and 9 non-GCB cases by IHC. This predominance
of cases classified as non-GCB by the Hans algorithm that are
unclassifiable by LST is similar to what has been observed in Western
cohorts.18 One additional case had insufficient data for IHC classification.
Of the remaining 36 DLBCLs classified by both methods, comparison
of COO revealed concordance in 25 cases (69%) and discordance
in 11 cases (31%), where concordance was defined as GCB/GCB
or non-GCB/activated B cell–like for the IHC and LST algorithms,
respectively. All 11 discordant cases were classified as non-GCB by
IHC but GCB by LST. In 10 of 11 cases, classification as non-GCB by
IHC was based on the absence of both CD10 and BCL6 staining.

Table 2. Comparison of clinical and pathologic features of 129

DLBCLs from UOMCOM divided by COO classification

(Hans criteria)

COO by Hans criteria*

PGCB (n 5 50) non-GCB (n 5 79)

Median age (y)† 35, range 9-75 (5% ,16) 40, range 13-76 (6% ,16) .3165‡

EBER ISH positive 3 (6%) 7 (9%) .7397§

BCL2/MYC high
expression||

3 out of 37 (8%) 18 out of 58 (31%) .0106§

Extranodal 26 (52%) 48 (62%){ .2732§

HIV positive 2 out of 3 tested
patients (67%)

8 out of 9 tested
patients (89%)

*Four cases were excluded due to insufficient data.
†In each group, data were not available for 7 patients.
‡Unpaired Student t test.
§Two-tailed P value from Fisher’s exact test.
||Data were not available for 13 and 21 patients, respectively.
{Data were not available for 2 patients.
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Next, we assessed 21 genes with a custom research-use NanoString
gene expression panel. These 21 genes were selected from a previ-
ously published, NanoString-based classifier that distinguished;85%
of pathologically defined BLs from DLBCLs in Western cohorts.17 We
performed unsupervised hierarchical clustering with the 21-gene
signature on 48 DLBCL, 26 BL, and 6 BCL-U samples (based on
IHC). The cases clustered into 2 groups (n5 25, 55; Figure 2). A total
of 23 out of 26 BL subjects (88%) were classified into cluster 1 (exact
binomial 95% CI, 70%-98%). Two additional DLBCLs (2 of 48 [4%];
95% CI, 0%-14%) were assigned to this group; both were BCL2 IHC
negative, EBER ISH negative, MYC IHC high, and GCB-like. Cluster 2
combined all 6 BCL-U lymphomas (95% CI, 54%-100%), the

remaining 46 DLBCLs (96%; 95% CI, 86%-99%), and the remaining
3 BLs (11%; 95% CI, 2%-30%). The 46 DLBCLs in cluster 2
included all 13 BCL2/MYC dual-expressor DLBCLs in the cohort. All
3 BLs classified in cluster 2 were EBER ISH positive. All 6 (100%)
BCL-Us were genetically classified with DLBCLs despite appearance
on H&E as BL-like. Further refinement of the classification signature
resulted in a parsimonious 10-gene list that distinguished ;85% of
pathologically defined BLs from DLBCLs (supplemental Figure 1).

Discussion

The past few decades have witnessed an unprecedented movement
to improve health care in lower- and middle-income countries (LMICs),

Hierarchical clustering

BCL2

BCL2A1

CD44

NFKB1

PYCR1

PAICS

CDC25A

DNMT3B

BMP7

MME

LZTS1

PRKAR2B

E2F2

TCF3

STRBP

PPAT

FAM216A

DLEU1

KIAA0101

NME1

RANBP1

HIV status
Malawi Dx
BWH Dx

BCL−U

Burkitt

DLBCL

FL

NHL

PCN

Suspicious for NHL

HIV positive

HIV negative

ND

−2

Row Z−score

0

Color Key
and Histogram

Co
un

t

200

0 2

Figure 2. Unsupervised hierarchical clustering of transcriptional profiles of DLBCL, BCL-U, and BL cases based on the 21-gene classifier.17 Red indicates
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as evidenced by a fivefold increase in global health funding between
1990 and 2013.23 Notably, the majority of resources are allocated
for HIV/AIDS and maternal, newborn, and child health (45% of
;$30 billion), whereas non-communicable diseases, including
cancer, heart disease, and diabetes, received ;1% of the funding.
However, cancer is a growing burden; by 2030, ;70% of all new
cancer diagnoses will occur in LMICs.24 Thus there is an existing and
rapidly increasing crisis of inadequate cancer care in LMICs.25

Accurate diagnosis will be a critical step in this effort to improve
cancer care and inform drug choice.26 However, detailed patho-
logic diagnosis is often not available in LMICs because of a lack of
both diagnostic tools and pathologists.5 Although H&E evaluation is
sufficient to diagnose many high-incidence tumors in LMICs (eg,
squamous cell carcinoma of the cervix8), hematologic malignancies
require broad immunophenotyping and expert review for classifica-
tion. We reasoned that advanced diagnostics could be applied to
classify aggressive lymphomas and potentially obviate the need for
expert pathologists, who are in dire shortage within the region. To
this end, we manufactured TMAs of NHL at UOMCOM, analyzed
them with detailed immunophenotyping, and assessed the di-
agnostic accuracy of targeted gene expression profiling to classify
aggressive B-cell lymphomas.

High-grade B cell lymphomas (DLBCL, BL, plasmablastic lym-
phoma, and BCL-U) accounted for nearly three-quarters of cases,
and T-cell lymphomas were extremely uncommon (,1%), similar to
prior reports from SSA.4 Although chemotherapy regimens for
aggressive B-cell lymphomas in Malawi do not mirror HIC protocols,
in part due to a lack of sufficient supportive care, BL and non-BL
aggressive NHL are nonetheless differentially treated in Malawi, and
therefore, accurate segregation of these diagnoses is immediately
relevant.10,11 Unsupervised hierarchical clustering using a 21-gene
NanoString-based classifier previously only applied to Western
cohorts17 had a diagnostic accuracy for DLBCL and BL of 96%
and 88%, respectively, in our cohort. The significant advantage of
this approach is the ability to perform targeted profiling on FFPE
with relatively straightforward sample preparation. Given the relative
simplicity of this system, which negates the need for multiple IHC
studies, karyotype or FISH, and associated expert review, it is an
attractive alternative for diagnosis in LMICs.

We further used our pathologically defined cases to develop a simpli-
fied and potentially less expensive 10-gene classifier that correctly
classified 85% of SSA BLs and DLBCLs. Although additional studies
are needed to validate this classifier, these initial results are an enticing
first step toward streamlining high-grade NHL diagnostics in SSA.
Of note, within the group of 150 UOMCOM specimens selected for
testing, 47% failed quality control (compared with ;5% in Western
cohorts).17 The use of standardized fixation conditions to maintain RNA
integrity is likely to overcome this issue. In addition, the specimens were
archived (in some cases for over 10 years), which may have also
reduced the quality of RNA.

Detailed information regarding COO subtype in representative SSA
patients is lacking; the one published study of COO in de novo
DLBCL from SSA was from an 81% Caucasian origin, South
African cohort.27 We used both an IHC algorithm (Hans) and the
NanoString LST targeted expression profiling algorithm to de-
termine COO. Application of the IHC algorithm to all 133 DLBCL
cases revealed a predominance of the non-GCB subtype, similar in
proportion to the original report from a Western cohort.20 In

contrast, analysis by the LST algorithm of 48 randomly selected
DLBCL cases revealed a predominance of the GCB subtype. All
“discordant” cases were classified as non-GCB by IHC and GCB
by the LST algorithm, with the former almost exclusively based on
the absence of CD10 and BCL6 expression. This was apparently
not due to poor tissue antigenicity, as all cases showed reactivity
with other antibodies (such as CD20). While the definitive reason
for this discrepancy is uncertain, one interpretation is that the
Hans algorithm may misclassify a subset of cases from SSA that
have transcriptional signatures consistent with GCB but lack
CD10 and BCL6 immunoreactivity. Unfortunately, HIV status was
not available in the large majority of our cases, so it was not possi-
ble to determine whether HIV infection may have contributed to this
finding.

Broad application of targeted therapeutics is the most promising
strategy to address the looming burden of cancer in LMICs, where
there are critical shortages of supportive care, radiotherapy, and
cancer surgery. Several targeted agents with potent activity
against specific subsets of NHL and reduced toxicity compared
with multiagent chemotherapy are either in clinical trials or recently
approved in HICs. These include small-molecule inhibitors of
EZH2, BCL2, BTK, BRD4, phosphatidylinositol 3-kinase, MDM2,
and PD-1/PD-L1; naked and conjugated antibodies targeting
CD19, CD20, and CD22; and adoptive cellular therapies against
Epstein-Barr virus and B-cell–specific antigens.28 Investigations
are underway to assess the use of certain classes of drugs in lym-
phomas with specific molecular signatures, such as EZH2 inhibitors
and BTK inhibitors in cases classified as GCB and non-GCB,
respectively.29,30 While it may seem overly ambitious at the
current time to envision a future that includes precision medicine
for patients with NHL in SSA, the experiences with both HIV and
chronic myeloid leukemia in this region serve as models for what
the future could hold once agents with adequate therapeutic index
against NHL are available.31,32 We believe that the willingness
of pharmaceutical companies to grant such regions larger
access to these types of potentially transformative medications will
likely be contingent on diagnostic precision beyond what is currently
available.

IHC alone did reveal several potential therapeutic targets in the
aggressive B-cell NHL cohorts. PD-L1 is an immunomodulatory
molecule expressed by selected tumors that inhibits antitumoral
T-cell immunity by engaging specific receptors on T cells, most notably
PD-1. PD-L1 expression is common in certain subtypes of lymphoma
such as CHL, primary mediastinal large B-cell lymphoma, and Epstein-
Barr virus–associated DLBCL but uncommon in the remaining
DLBCLs, BL, and low-grade lymphomas.22 PD-1 blockade in patients
with relapsed or refractory CHL is associated with durable remissions
in up to 85% of patients.33 Our cases exhibited rates of PD-
L1 expression similar to Western cohorts, suggesting that specific
populations in SSA may be responsive to therapeutic and less
toxic PD-1/PD-L1 blockade.

Similarly, overexpression of MYC by IHC may indicate respon-
siveness to BRD4 inhibition, which can target MYC transcription
in DLBCL.34 In addition, MYC/BCL2 double-expressor DLBCLs
appear to have a worse prognosis than non–double-expressor
DLBCLs and are enriched among the non-GCB subset in both
HIC cohorts15,35-38 and our cohort. Notably, MYC expression
could not be interpreted in 69 of the 235 evaluated cases (30%)
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of high-grade B-cell lymphomas (BL, DLBCL, BCL-U, and
plasmablastic lymphoma) by IHC. This may be attributable to
variability in fixation conditions between different samples, which
can likely be resolved with implementation of standardized fixation
protocols.39

There are a number of limitations to this study. Our cohort is
lacking in staging, treatment, and outcomes data. Most notably,
HIV status was available in,10% of samples. Without FISH data,
we do not have a comprehensive understanding of the prevalence
of “double-hit” or “triple-hit” lymphomas in this patient population
and we do not have genetic confirmation of MYC translocation in
cases of BL. Additionally, we detected very low rates of low-grade
B-cell NHL and T-cell NHL. Although similar to prior reports,4

we are uncertain if this reflects the true epidemiology of this
patient population, as we simply characterized available cases
rather than prospectively screening patients who presented with
possible NHL.

In summary, we performed comprehensive immunophenotypic
analysis and targeted expression profiling on a large cohort of
tumors diagnosed as NHL in Malawi. We demonstrate that both
IHC and NanoString-based classification can identify targetable
subsets of NHL in this population that match signatures established
using lymphomas from HICs. The next step is to prospectively
evaluate diagnostics like NanoString within LMICs to assess the
feasibility and accuracy of performance on-site. If those studies
are confirming, the application of less toxic and more effective
therapeutics for patients with NHL in LMICs will depend on the
availability of these diagnostics.
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